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X_train, X_test, y_train, y test = train_test_split(X_scaled, y_scaled, test_size= 0.25, random_state=62)

In [138]: from sklearn.model_selection import train_test_split
In [139]: X_train.shape
Out[139]: (3115, 5)
In [140]: import tensorflow
y_train = tensorflow.keras.utils.to_categorical(y_train, 3)
y_test = tensorflow.keras.utils.to_categorical(y_test, 3)
In [148]: import tensorflow

from tensorflow import keras
from keras.models import Sequential
from keras.layers import Dense

from sklearn.preprocessing import MinMaxScaler

model = Sequential()

model.add(Dense(64, input_dim=5, activation='relu'))

model.add(Dense(64, activation='relu'))
model.add(Dense(64, activation='relu'))
model.add(Dense(16, activation='relu'))
model.add(Dense(2, activation='relu'))

model.add(tensorflow.keras.layers.Dense(3, activation='softmax'))

model.summary ()
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]: epochs_hist = model.fit(X_train, y train, epochs=80, batch_size=17, verbose=1, validation_split=0.15)

0.8077
Epoch 75/80
156/156 [========sc=ccccccccccss=c===== ] - @s 2ms/step - loss: ©.0832 - accuracy: ©.8141 - val loss: ©.0863 - val_accuracy:
0.7949
Epoch 76/80
156/156 [============================== ] - ©s 2ms/step - loss: ©.0831 - accuracy: 0.8138 - val_loss: ©.0871 val_accuracy:
9.7991
Epoch 77/80
156/156 [ ] - ©s 2ms/step - loss: ©.0838 - accuracy: ©.8077 - val_loss: ©.0904 - val_accuracy:
0.7778
Epoch 78/80
156/156 [============================== ] - @s 2ms/step - loss: ©.0823 - accuracy: ©.8130 - val_loss: ©.8873 - val_accuracy:
0.8056
Epoch 79/80
156/156 [ ] - ©s 2ms/step - loss: ©.0827 - accuracy: ©.8134 - val loss: ©.0884 - val_accuracy:
©.8077
Epoch 80/80
156/156 [=========——=—————c—————————___ ] - ©s 2ms/step - loss: ©.0822 - accuracy: ©.8111 - val_loss: ©.8890 - val_accuracy:
0.7970
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In [66]: 1 From sklearn.tree import DecisionTreeClassifier
2 model = DecisionTreeClassifier().fit(squeeze data, targets)
2  dmportance = model.feature_importances_
4 for i,v in enumerate(importance):
5 print(f'{features[i]l}: --> Score: {v}')
& plt.bar([x for x in range(len(importance))], importance)
7 oplt.show()
causeb: --> Score: 0.84377361755807676
caused: --> Score: @.8147436688576852
caused: --> Score: 9.9142594419766761202
cause5: --> Score: 8.81441455675259168
causel: --> Score: 9.0906203873201603925
causel: --> Score: ©0.81273590234666844
cause2: --> Score: B.90975338677446992
cause9: --> Score: 0.017826630604568941
cause7: --> Score: ©0.820958271381327952
place 1: --> Score: ©.01210276620688654
place_2: --> Score: ©8.08012794721994869657
collision_5: --> Score: 9.082015564952549322
collision_1: --> Score: 9.839983440288598372
collision_3: --> Score: @.8867752838362695
collision_6: --> Score: @.014987356742803458
collision_4: --> Score: @.19885428947197264
collision_2: --> Score: 8.23656136964577981
seasonl: --> Score: ©.008654387798429816
season2: —-3> Score: @.83954543926@923114
season3: --> Score: D.04886877888312346
seasond: --> Score: ©0.02181696174101246
acc_timed: --3> Sceore: ©.0052670142865475%6
acc_time3: --> Score: ©.8159785921180957697
acc_time2: --> Score: ©.07389942370737393
acc_timel: --> Score: ©.31151581838384087
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